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Contributions: Novel Datasets and a
Fine-Tuned BERT Classifier

The Challenge: Resources for French Discourse

Connectives

\

@akers produce coherent utterances by using connectives such as because, Whilﬁ
so to signal discourse relations. 240,009 instances with 189

| didn't come to your place because | was sick.

automatically
annotated corpus in
connectives and
discourse relations

=
9

types of monosemous
connectives

19 discourse relations used
in LEXCONN

Oh no ! Are you feeling any better now ?

Yes.. Well, | am still coughing even though I've gotten over the cold.

N2
: : =
| didn't come to your place o .
because | was sick. > i« — Explanation

. . : : CamemBERT-base
e One important aspect of studying discourse connectives concerns the resources

needed to train ML models. Such resources are more developed for some languages, v
like English, whereas French has far less data. The main available resources in French |\ 269 instances covering 106
are the FDTB [1] and Annodis [2] corpora, as well as the LEXCONN lexicon [3]. bpesorconnectives;
_ o . missing from the training
e Jo the best of our knowledge, there is no existing French corpus annotating both data.

connectives and SDRT discourse relations, nor a model designed to automatically
Qnota’ce the relation of a connective in context. /

An Automatically Annotated Dataset of Connectives

Building the Evaluation Set

Khase I: |ndependent Phase lll: Expert \

and Relations

Manually annotated FDTB

~

Phase Il: Inter-
v — _ annotation annotator discussion adjudication
DM , , Precision : 0.83 o AnnOtatlng Oﬂly Annotator A : full set ——> Resolve connectives, ——> Resolution of ambiguous
s S __y Recall :0.73 . Annotators B, C, D :1/3 then relation cases
g3non-DM > ELOT6 MONOSEMOUS connectives each
P candidate DM ensures unambiguous
annofstionaditomaitar’ training data while p . Relati
j{ Automata-annotated FDTB autOmatlca”y eanChlng the Onl‘leCtlve e atIOI'I
corpus with discourse Pair « AC1  Agr. (%) K AC1  Agr. (%)
[rxr [Xr [rxr P- relation labels. A-B 0341 0636 71171 0226 0771 80.000
Neympapersiitiesand forum LEXCONN relations A-C 0331 0580 67592 0178 0.791 81.356
/ e This data volume enables A-D 0385 0656 77678 0288 0818 83784
model training for
| 2 | connective-related tasks. We annotated 200 instances of connectives in context and
| am coughing [MARKER] even though [/MARKERY] I've gotten over the cold.
v added 71 examples from LEXCONN. Relex was evaluated on

these 269 instances, covering all relations in the training set.

Concession
*: We consider connectives to be a subcategory of discourse markers, alongside enunciative particles

Relex: Model Architecture and Results

-~

Model Params Prec. Rec. F1 Acc.
We introduce Relex, a CamemBERT-base model fine-tuned for a Ty——— - ST O&E OEZ OB
1-vs-19 discourse relation classification of connectives in context. bl s ] ; ; ; y

STV EIBEor | nreetve Relex (CamemBERT-base) 110M 062 062 059 063

Training the model on monosemous connectives provides Relex (MBERT) 178M 042 040 0738 0.4
unambiguous data, while the large dataset volume exposes the model CamemBERT + Log. Reg. 110M 028 0.2] 021 02
to numerous contextual examples of each relation type. This enables Mistral 7B 78 0.21 025 020 0.26
Relex to build rich internal representations of discourse relations and ; | - |
apply this learned knowledge to connectives never encountered Proprietary model; exact parameter count not officially disclosed.

While Gemini 3 Flash achieves the highest scores, Relex (110M params)

remains highly effective and easily outperforms larger models like Mistral 7B.

\during training. /
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